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Methods: Overall pipeline of EnsembleFold for ensemble targets

Protein Pro?em RNA Hybrid
monomer multime

DeepMSA2 Deepl_VISAZ rMSA DeepMSA2 .
Monomer Multimer & rMsA » Zheng-Server, Zheng-Multimer, Zheng,

J J l J MIEnsembles-Server, and NKRNAs participated in
Mnoﬂlzz::r I\?Illylltl:r(:ll:r ExFold DeepProNA

l l l l CASP16

¥ » MIEnsembles-Server (server group) and Zheng
"'°';'“S‘ (human group) focus on ensemble targets
7 « Same pipeline, Zheng has longer running time and
Reﬂ'éliiﬁﬁﬁon more combinations of MSAs

et * Four different pipelines for handling protein monomer,

protein complex, RNA, and hybrid targets

Protein monome Protein multimer RNA Hybrid
ensembles ensembles ensembles ensembles

Decoy generation Ensemble model selection




Methods: Protein monomer ensemble prediction by EnsembleFold
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Methods: Protein multimer ensemble prediction by EnsembleFold
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Results: Overall results of protein-related ensemble targets
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Results: T1214, what went right?
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Results: M1228/T1228 what went right?
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Results: M1239/T1239, what went right?
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Results: T12490, what went wrong?
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Results: T12940, what went wrong?

MolClust result for EnsembleFold decoys
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Predicting ensemble structures with minor variations remains highly challenging

Future direction: dynamic selection of clustering regions and thresholds may be necessary to emphasize sampling of important regions in candidate clusters 13



What went right by EnsembleFold?

® Diverse sets of MSAs help create models with multiple states for ensemble targets

® Knowledge-based REMC simulation helps create diverse set of models

® Structural clustering works well for picking the correct model of each state in most cases
What went wrong by EnsembleFold?

® Current confidence scores are not sensitive enough for selecting correct state model

® Predicting ensemble structures with minor variations remains highly challenging
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